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Motivation hy= A (h* —h¥*) + h* Filter inbreeding counter measures : Damping of parameter updates (¢=0.1) does
not improve the results. An inappropriate choice of EnKF parameters, e.g. the range of

influence for the spacial localization r,., can lead to worse Filter performance than leaving
out filter inbreeding countermeasures altogether.

«Irrigated agriculture is a major socio-economic pillar in the oasis of Zhangye in the arid Spatial localization (Houtekamer & Mitchell, 2001) using a compactly supported fifth-order
North-West of China piecewise rational function p with a similar shape as a bell curve to weight the covariance

matrix (values farther away than r. are 0).

*Irrigation is done with surface water where available and supplemented with groundwater. CH 2.0 =TT — 1 Figure 5 : Parameter update
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Parameter update frequency : Different frequencies for asynchronous parameter .
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around the mean of the simulated heads E with factor 4 (Anderson, 2007)
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